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Abstract

This study investigates how future climate change will alter heating and cooling demand

in UK social housing, addressing wider concerns about fuel poverty risks and long-term
climate resilience. Using a two-bedroom, offsite manufactured home in Northwest England
as a case study, the research applies dynamic building performance modeling to assess
energy use. This output then uses a multi-criteria decision-making (MCDM) tool to inform
the choice of the weather le in the simulation process. The simulation weather les
represent the 2030, 2050, and 2080 climate scenarios. The results show a clear shift from
heating-led demand toward increasing summer cooling requirements. These changes
have implications for grid capacity, occupant wellbeing, and the affordability of energy
services. The analysis demonstrates that weather le selection signi cantly affects predicted
performance outcomes. The study concludes that accurate weather le choice is essential
for reliable Building Performance Simulation (BPS). It underscores the need to integrate
environmental, social, and economic considerations into future housing design.

Keywords: climate resilience; buildings; energy demand; future homes; weather les

1. Introduction

Climate change will impact housing in many ways and at varying levels, affecting
daily life worldwide. The effects of climate change are wide-ranging and include tempera-
ture rises [1-3], increased weather instability [ 4,5] and a heightened risk of ooding[ 6,7].
This affects both people and the infrastructure they are linked to. In this context, infrastruc-
ture includes housing and residential properties, which form an essential component of
communities, providing places for people to live. Understanding how a changing climate
will affect these homes is of signi cant interest to a wide range of stakeholders.

Proportionally, heat in the UK accounted in 2019 for approximately 45% of total energy
consumption [ 8]. For buildings, and their stakeholders, this also accounts for 40% of
the UK GHG emissions [9]. Therefore, it is necessary to consider how this gure can
be reduced as part of efforts to mitigate climate change. This reduction can be achieved
by developing a comprehensive understanding of buildings, speci cally homes, and the
ways in which climate change is expected to in uence their performance over time. This
includes evaluating future heating and cooling demand in response to a changing climate.
A reduction in energy consumption and fossil fuel use will lead to fewer carbon emissions.
Selecting weather les affects the design of a home, as different les lead to different design
choices [L0] and expectations for performance. The challenge is what difference does this
make, and who is affected. At the design stage, energy consultants, designers, clients, and
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architects make decisions informed by selected weather les. These decisions in uence the
building's ability to achieve regulatory approvals, after which the occupant experiences
the consequences of these design choices. Therefore, the weather les used during design
in uence how the home was designed, built, and then used by residents.

This study investigates the evolving discourse around heating and cooling demands
in UK housing in response to future climate change [ 3,11], with a focus on newbuild
social housing as a case study. Stakeholders in the housing sector increasingly recognize
the importance of understanding how climate change will in uence homes within their
communities or under their management. Recent heatwaves and rising temperatures [ 9],
combined with the UK cost-of-living crisis, have intensi ed concerns within social housing
governance. The ability for people to pay for energy services in their own homes [ 12] has
moved up many governments' agendas. Depending on the location and type of housing,
climate impacts will vary.

Stakeholders within the housing sector are now focused on investigating how homes
will need to adapt to future climate conditions to ensure resilience, affordability, and
occupant wellbeing. One of the most signi cant issues is the energy consumed for heating
and cooling demand in the home [ 13]. Geographic context in uences the magnitude
of future changes residents [14] and buildings will experience. Understanding future
demand trends helps clarify the potential scale of the challenge ahead. Recognizing how
shifting energy demands will affect households should be part of wider efforts to help
communities and individuals adapt to climate change, particularly for those who are more
vulnerable and yet not responsible for many anthropogenic emissions [ 15]. Fuel poverty
is a key issue within this research. For some households and individuals, climate change
will necessitate novel approaches to achieving suitable levels of heating and potentially
cooling. Understanding how this will speci cally affect social housing residents in the UK
is therefore an important topic of discussion.

The challenge in housing and energy demand relates partly to perceptions of the scale
of climate-related risks and partly to differing levels of thermal comfort [ 16]. Homes in
the UK are built to comply with Building Regulations, which include standards related to
energy conservation [17]. The case study used in this research represents a typical newbuild
property: well insulated and energy ef cient (built to 2013 Part L standards). It aims to
understand the in uence of climate change on the case study through the use of modeling
and the changes in energy demand using multi-criteria decision-making (MCDM).

1.1. Literature Review

The research framework used in this paper seeks to inform policy changes and de-
velopment processes needed to support the UK's carbon reduction commitments. This
will help clarify future energy demand expectations for the UK residential sector. This
review considers whether new social housing homes in the UK can be part of the solution
for supporting carbon emission reduction, allowing homes to be climate resilient in a
changing climate.

There is an increasing housing need across the globe [L8]. The ef ciency with which
homes are used by residents is paramount [19]. It is essential that the right kind of data
and information be available to researchers to understand the context of housing across a
country. Climate change will increase the average temperatures experienced in the UK and
in uence the amount of energy used for heating—and potentially cooling—a home [ 20].
The English Housing Stock has been used since 1967 to collate data on housing 21], allow-
ing multiple government agencies and departments to understand the current situation.
This has many parameters to consider, including personal thermal comfort preferences and
assumptions about demand trends.
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The building sector, which includes housing, is one of the largest end-use sectors in
terms of nal energy demand [ 22], with UK domestic consumption seeing an increase
in 2021 by 2.2 million tons of oil equivalents, only second to transport in terms of sector
consumption [ 23]. UK homes have seen improvements over the decades because of up-
dates to Part L of the UK Building Regulations. However, the rate of improvement has
slowed signi cantly since 2014 [ 24]. Even when suitable sustainable policies are in place,
stagnation still occurs. This includes technical issues, enforcement challenges, and delays
in implementing changes needed to improve thermal conditions [ 25].

Homes and buildings must be designed more effectively to minimize the need for
costly mitigation measures later [ 26] as well as to account for the local climate condi-
tions [27]. This aligns with the UN Sustainable Development Goals, particularly SDG
7 on affordable and clean energy [28]. Prioritizing demand-side energy management is
essential for maintaining thermal comfort and ensuring energy affordability. National
health frameworks routinely acknowledge the fundamental importance of secure, adequate
housing. This connection is also re ected in the UN Sustainable Development Goals (UN
SDGs), particularly Goal 3 on ensuring healthy lives and promoting wellbeing for all.
Indoor environmental quality is closely tied to human health, and the relationship between
housing conditions and health outcomes [ 29] is well established.

The IPCC ARG report highlights how well considered design strategies can reduce
carbon emissions in buildings [ 30]. Discussions of energy demand and ef ciency in housing
frequently intersect with issues of fuel poverty, climate change, and construction practices
which are increasing in occurrence. A range of residential solutions and technologies could
reduce nal energy demand in homes. Opportunities include reducing thermal loads [ 31]
and implementing passive technologies. Understanding potential climate impacts on
homes through building performance modeling is well established as a methodological
approach. Numerous studies have documented the changing climate and its impacts, in-
cluding IPCC reports and the United Kingdom Green Building Council (UKGBC) guidance.
Numerous independent sources document the changing climate [ 32-37]. This includes
the IPCC reports and UKGBC guidance comments and statements from the past decade
around solutions to reducing energy demand in the home. Proven in the discourse from
multiple actors in this sector, it supports continued action in demand management of
energy in homes.

However, take-up of low carbon building design varies signi cantly between regions.
The IPCC's reporting on warming and the lack of action on building resilience highlights
signi cant gaps in knowledge, policy, and governance. Europe and the UK remain at
critical crossroads [38] for improving homes for the bene t of people and the environment.
Lessons can also be drawn from other global regions. For example, in British Columbia,
the 2021 heat dome contributed to an additional 619 deaths as temperatures exceeded
40 C [39. By contrast, homes in the Northwest of the UK are expected to experience
warmer and wetter conditions [ 40]. This includes issues arising from housing orienta-
tion and albedo, which contribute to thermal discomfort for residents [ 41]. This example
highlights geographical differences in climate change impacts. Poor housing and hous-
ing unprepared for a changing climate are not unique to Europe or the UK; they are
global issues.

1.2. European Perspective

The challenge arises from the need to decarbonize homes to reduce associated emis-
sions and to retro t homes so they can withstand current and future climate impacts, such
as warmer temperatures and increased precipitation. From a European perspective, the
2024 European Climate Risk Assessment highlights that climate change poses risks to
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public health extending beyond health policy expectations, affecting housing stock and
housing availability, particularly for socially disadvantaged groups. In Belgium, heating
demand is projected to decrease by the 2090s, while cooling demand is expected to in-
crease by the 2050s42], raising a challenging issue for reducing energy demand and the
associated emissions.

The concept of a human right to shelter [ 43] must be considered here particularly
in the context of climate change. Homes are currently designed for what is perceived
to be typical weather and climate at a given location. Challenging the business-as-usual
approach to housing, and accepting the need for change, supports the process of under-
standing future energy demand. Identi cation of gaps in current research highlights the
UK's signi cant challenge around housing availability, with many residents placed into
temporary accommodation. Social housing in the UK is de ned as “social rented housing
which is provided by a social landlord” [ 44] in Europe and the UK. Traditionally, these
homes were provided by local councils for those unable to purchase their own homes.
Today, there are approximately 4.1 million social homes in the UK [ 45. Many more homes
are therefore needed to support this growing need. A shortage of new homes and suitable
housing is partly responsible. In the year from April 2023 to March 2024, UK councils
reportedly spent £2.3 billion on temporary accommodation [ 46], a number which is also
expected to rise signi cantly if more new affordable homes are not built.

This paper seeks to understand how the selection of weather les affects the modeled
energy demand of a case study home. It is purely focused on energy demand and focuses
on energy use for heating and cooling. Cooling and particularly air-conditioning increased
in prevalence in homes across Europe [47] and globally. Whilst not a focus of this work,
energy suf ciency should be considered in how people use the home [ 4§]. A study by
Elnagar et al. [31] found that energy consumption for cooling equipment is increasing.
They also noted that cooling systems are often not integrated into building control systems,
presenting challenges to decarbonization and achieving thermal comfort. As a result,
when systems are combined with other building technologies, it improves not only energy
ef ciency, but also indoor air quality bene ts[ 49]. When considering what new buildings
should look like, there needs to be a multifaceted approach by all involved.

1.3. UK Considerations

Within the UK, ensuring access to affordable, dependable, sustainable, and modern
energy for all is a key priority. The UK Government publication on the future of the NHS
also notes that housing is important in understanding health outcomes, particularly in
relation to thermal comfort [ 12,50]. Within the UK, the National Health Service (NHS) also
nds that homes, health, and climate change meet at a crossroads of discussion points.
The NHS Fit for the Future report similarly highlights the intersection of housing, health,
and climate change as a critical area for discussion [51]. Considering the ability for the
home to support the needs of the occupant, or energy suf ciency, is also useful to address,
noting that housing deprivation links directly to health and wellbeing [ 52]. The British
Research Establishment (BRE), found that poor housing was attributed to a cost to the
National Health Service (NHS) of £1.4 billion [ 53]. Thus, supporting the justi cation for
investigation as outlined in this paper is important.

Previous research often focused on heating-related energy poverty, while cooling has
been underrepresented or absent in EU policy [12]. Ensuring the use of representative
weather les for any Building Performance Optimization (BPO) or modeling is essential
in understanding climate change impacts on buildings [ 54]. Fuel poverty, as a dimension
of housing inequality, extends beyond the physical condition of the home [ 55]. Different
housing tenures affect mental health and the precarities experienced by residents [56]. This
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is a normal consideration within social housing research. For this study, the focus is on the
dwelling as designed and rented under a social rent tenure. Before analyzing where it ts
into the outcomes, it is essential to de ne it. Previous research shows that fuel poverty is a
multileveled concept [ 18]. De nitions from the early 1990s to the present broadly agree
that fuel poverty occurs when a person is unable to heat their home to a suitable level due
to a lack of resources [c7-59]. Climate change and its impacts could signi cantly affect
residents' ability to maintain thermal comfort [ 60], especially as the need for cooling is
likely to appear and then increase.

The Kdppen—Geiger classi cation is still one of the most widely used classi cations for
global climate [61,62]. As a widely accepted and used classi cation, it is considered a useful
classi cation tool for this research. There are a range of widely used global circulation
models (GCMs) which offer a coarse approach to climate modeling. Differences in the
way that both ASHRAE (American Society of Heating, Refrigerating and Air-Conditioning
Engineers, CIBSE (Chartered Institution of Building Services Engineers) and Kdéppen—
Geiger are used and designate their zones need to be considered for the selection of data to
be used for this research. Many studies have explored residential approaches to reducing
energy demand, with non-domestic buildings also examined.

The table below provides insights from various building types and key ndings from
the past 8 years.

Whilst the purpose of this research is to consider the UK case study, it is important
to consider the methodology used by other researchers for their city and country of focus.
When considering climate, the Koppen—Geiger system uses historical and future climate
observations to create a series of 1 km classi cations for the world [ 63]. The past research
shown in Table 1 highlights a range of climate types using the Koppen—-Geiger [ 64] system.
Providing a useful tool for zoning climate types is important. One thing that unites the
research is that modeling can be a useful tool in framing the challenge of dealing with
homes in a changing climate. The in uence of weather les will be documented. It is also
interesting to consider, with certain measures applied to the home, what implication this
has in the output of the model.

Table 1. Comparative studies on weather les and buildings.

. . . . Methodology
City Cllmate Koppen—. Reference Year Built Environ Commonality Key Findings
Geiger Classi cation ment Type . .
and Discrepancies
Non-domestic buildings

Degree-day energy L

Vantaa Humid continental emissions coef cient ilrJnsecr)r?ae:ta\llzlzilﬁe
; ! : [69] 2024 School method. Simple portant.

Finland climate (Dfb) . operational
method replicable L .
by practitioners emission modeling.
Development of linear E&:ﬁ‘izmty of

Hot regression model and perforngw]ance can be

South of Medlterranean/d_ry [66] 2019 Non-residential Multiple !_lnear achieved with a

Italy summer subtropical Regression. Careful suitablv calibrated

climate (Csa) calibration is needed and y
and reliable data.
developed model.
Subtropical highland Weather stations Use of EWY and TRY Evaluation of the
Stockholm, : . . . les. Deviation for
climate with uniform [67] 2021 at various . . weather les for

Sweden . . rural locations relying : .

rainfall (Cfb) locations various locations.

on les for energy.
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Table 1. Cont.
. . . . Methodology
City Cllmate Koppen—. Reference Year Built Environ Commonality Key Findings
Geiger Classi cation ment Type . .
and Discrepancies
Domestic buildings
Cluster analysis. The thermal load
Floriandpolis, Subtropical Low- Occupancy and for cooling was
i . [68] 2024 . ; 2
Brazil climate (CFa) income homes openings are hard more signi cant
to model. than heating.
Raises the
. . Public housing Morphlng and. |mportance.of
Singanore Tropical rainforest 54 2022 estates with machine learning. Only  understanding
gap climate (Af) ; L utilized the SSP2-4.5 machine learning
air-conditioning . . L .
climate scenario. prediction for build-
ing performance.
Comparative approach. Future temperature
. HadCM3 A2 scenario increases because
Mediterranean . . :
Istanbul, : . Single- used. Impacts on climate change will
L climate with hot [69] 2022 . 8
Tarkiye family house HVAC noted over have an impact on
summers (Csa) ;
weather cooling and
le uncertainty. heating demand.
Full-scale Calibration of
Temperate oceanic Victorian measurements used. dynamic models
Salford, UK ~mp [7Q 2019 Better representation compared to
climate (Cfb) end-terrace
supports the accuracy measured data and
of the outputs. the use of IESVE.
. The in uence of
Hot Residential Updating TWY les for updated TWYs on
Mediterranean/dr roperties— case study. Observed heating and coolin
Sicily, Italy vy [71] 2020 prop higher temperatures 9 9
summer subtropical 4 story analysis for
: than the . ;
climate (Csa) apartment blocks - residential homes
dataset indicated. L
is important.

Energy suf ciency, as well as energy ef ciency, are both relevant when considering the

reduction in energy demand in any given home. Using building performance modeling to
understand the potential performance of buildings, including homes, is not new. Multiple

pieces of research from a range of institutions have found a variety of outputs from using
thermal models [ 72-74]. Weather les such as CIBSE TRY and DSY future climate datasets
or ASHRAE les are then imported to re ect different climate scenarios. It should be noted
that The Test Reference Year (TRY) and Design Summer Year (DSY) are distinct types of
weather les, with the TRY being intended for long-term average energy use, whereas DSY
is used for overheating. The software runs thermal simulations to calculate heating and
cooling demand, assess energy use patterns, and evaluate thermal comfort under these
varying conditions. Variations are often found when the design gap is then assessed via
the use of on-site monitoring or when feedback and monitoring are provided from various
stakeholders in the process.

Alternative construction methods are an important consideration, as shown in Table 1.
Understanding buildings requires knowledge to be acquired from a variety of architypes
to build up a picture of performance. Offsite construction (OSC) methods are starting to
gain more prominence. OSC is recognized as a modern method of construction (MMC) by
the UK Government [ 75]. Rather than being traditionally built, sections of the building
were manufactured in an offsite facility and installed using a crane. OSC is valued for
bene ts including reduced construction time and improved build quality. Multi-criteria
decision-making (MCDM) is a well-used documented evaluation tool for decision-making
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outputs in research. Energy demand is a complex problem and there are a multitude of
considerations for any decision-making process [ 76], including the selection of weather
les for home design for climate resilience. Applied here, it offers a structured approach to
consider the weather le scenarios by balancing the different criteria laid out in the next
section, allowing the consideration of a multi-dimensional decision-making approach to be
applied and then possibly replicated by other researchers. Ultimately, aiming to understand
what this means for social housing design is important. On-site monitoring has not been
possible for this research due to COVID-19 limiting the reach of monitoring requests and a
change in the personnel of the case study landlord and client. This is noted as a limitation
of this study.

1.4. Objectives of the Study

The purpose of this study is to utilize an existing newbuild property to understand
how the use of different weather les in building performance software (BPS) creates
different outputs that then need to be considered by the client, social landlord and resident
in the context of future climate resilience and energy demand. The MCDM process will
help and support this analysis for the results, utilizing the MCDM as the nal stage to
understand the signi cance of each of the modeling outputs.

The key research questions are as follows:

What change is going to be noted in energy (heating and cooling) demand for the case
study home when using different weather les?

What in uence do weather les and the different scenarios have on the modeled
energy demand for this case study?

How, by using an MCDM, can we consider the impact of the different weather les?

2. Materials and Methods

Understanding how homes might be in uenced by a changing climate using building
performance models is a well-documented and widely accepted methodological approach.
The use of future weather scenarios in dynamic modeling has also been established in pre-
vious research and published studies [ 77,78, as outlined in the literature review, providing
the lead on the research questions and the methods described in the following section.

The data results outputs for this study were collected using thermal modeling software,
IESIiCD (IES Ltd., Glasgow, UK). There are a variety of software options available. For this
research, selecting the appropriate software is essential [79]. It is vital in the practitioner
environment for this research to be able to be replicated in a commercial context when
thinking about how to model [ 80]. It is also important to understand what data is available
for use in any thermal modeling study. Data collection is a crucial element of this research,
as is the appropriate selection of the software.

Several thermal modeling tools are available commercially, including DesignBuilder,
IES VE (IES Ltd., Glasgow, UK), and IES iCD (IES Ltd., Glasgow, UK), which are used to
model buildings and assess current and future performance. When considering the use
of dynamic building simulation or BPS, it is important to note that the external weather
conditions are wider than only using the average mean temperature [ 81]. IES iCD (Release
2026.0, February 2026) is an add-on tool for SketchUp 2025, which is widely used in
architectural design and building performance [ 82] modeling. Architectural software is
used by many practitioners for building design and building performance modeling is
used within this research. Within iCD, users can select a location that corresponds to a
real-world site. iCD has been used successfully in thermal modeling projects with a range
of clients, and, as such, it is employed here in this research.
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A single geographical location is utilized within the scope of this research as a repre-
sentative of a typical newbuild social housing architype in the NW of the UK, providing
replication for similar housing types in the NW and the rest of the UK.

Methods for assessing thermal comfort and energy demand pro les.

For this research, a single social housing unit was analyzed using multiple weather les
to examine the impact of climate change on heating and cooling demand. The work ow
used in this research is illustrated in Figure 1.

Step 1

Step 5
Step 2 Weather Step 3 Step 4 Preference
data analysis i
analysis

eCase study and
parametric model —
including location,
geometry, weather

files, and use of IES iCD.

eWeather-data analysis  ®Main variables — eAnalysis of the use of ~ eConsideration of the
— utilising weather analysing TRY and DSY different weather files impact to construction
files from CIBSE and files alongside including ASHPs and AC  professionals for the
ASHRAE to model the future-weather implementation. use of varying weather
case study. variants. files

eMulti-criteria decision
making (MCDM)

Figure 1. Work ow diagram.

Table 2 provides a description of the calibrated building energy model (BEM) using
dynamic thermal simulation (DTS). This includes the use of occupancy schedules [ 83] and
the building fabric. No household equipment is included apart from that speci ed by the
EPC, and further details are provided in Table 3.

Table 2. Model features used.

Model Feature Details:

Building fabric—U values, construction layers, and thermal properties were entered
according to built documentation.

Fenestration—Window areas, glazing performance, and shading conditions were
de ned from architectural drawings.

In ltration and ventilation—Air permeability (m ~ 3/(h m?) at 50 Pa) test results and
ventilation system information were incorporated into the model.

Occupancy and internal gains—Pro les were informed by typical residential
assumptions and aligned with CIBSE recommended schedules [83].

Heating system description—The installed gas radiator system and associated ef ciency
parameters were modeled.

The rst part of the process involved setting up the model, including the design details
for the HVAC system as provided by the architects for this project.

The case study utilized was constructed in 2020 and is a northwest-facing, two-
bedroom social housing property in Northwest England. It was built using offsite construc-
tion (OSC) methods to shorten the onsite development period.

The property was designed for social rent tenure and built to comply with the UK
Building Regulations 2019. One unit from a ten-unit development was selected for mod-
eling, with all units built to the same speci cation. The selected unit is a two-bedroom,
two-story property with a roof space. Figures 2 and 3 show the case study, a small in |l
development, located off an existing estate in a Northwest UK town.

https://doi.org/10.3390/buildings16112263
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Figure 2. Adapted from proposed contextual elevations—architect's drawings [ 84].

Figure 3. Proposed site plan—architect's drawings [ 85].

In Il developments are small [ 86] but provide an opportunity especially for a social
landlord to increase numbers of properties within a given location. The property is owned
and managed by a social landlord and was built by a contractor based in the region. As per
the agreement with the external partners, it is anonymous in detail of the exact location.
Preserving the anonymity of the current residents [ 87] is vital.

A comparison with the current Part L requirements is provided to show differences
between regulations at the time of construction and the current regulatory framework.
Table 3 below shows the thermal details for the case study, noting that the roof would need
to be improved to pass current Part L requirements.
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Table 3. Case study building envelope information.

Currently Approved Document L Conservation of Fuel and
Power Volume 1 Dwellings 2021 Edition Incorporating 2023
Amendments [ 8§

Case Study (As-Built, Data Taken
from EPC Data Provided)

External Wall 0.24 W/m?2K 0.26 W/m 2K
Floors 0.17W/m?2K 0.18 W/m 2K
Roofs 0.17 W/m?2K 0.16 W/im 2K
Windows 1.2W/m 2K 1.6 W/m 2K
Air permeability inm 3/(h m?) at 50 Pa 3.97 (test results) 8.0m%(h m?) @ 50 Pa1.57 #i(h m?) @ 4 Pa
Main heating fuel Mains gas Mains gas or electricity
Heating system Combination boiler Combination boiler, ASHP or other that meets requirements
Renewable energy No Yes
Lighting 100% LED 100% LED

In this paper, the case study is used as the basis for comparison with a variety of CIBSE
future weather les and comparison with ASHRAE weather les. Initially, the ASHRAE
weather les have also been included to see what difference the selection of weather les
makes to the model in producing energy demand data. ASHRAE les are commonplace
for use by USA-based modelers. Understanding the difference that the origin of weather

les used is part of this research, and the ASHRAE les assigned for the location are used
in this research. The boundary conditions of the case study unit are speci ed using the
IES iCD software. IES iCD software is a commercially available software that has been
selected for this research. IES iCD uses a dynamic simulation process that begins with
creating a detailed digital model of the building, including its geometry, HVAC system, and
location. It also allows scenario testing, such as upgrading the building fabric or switching

to an air source heat pump, and can model thermal stress using metrics like the Universal
Thermal Climate Index (UTCI). Together, this process enables a detailed assessment of how
the building may perform under present and future climates. Finally, MCDM is used to
consider the choice of weather les against the ranges of les and data used.

The focus for this research is on understanding how the case study home will po-
tentially see a change in demand within the model because of using different weather

les [ 77] and scenarios. Seven variations have been selected for this research—these are
location les, different scenario weather les, DSY les, building envelope changes, carbon,
Coef cient of Variation, and the introduction of an ASHP as the heating source. Manch-
ester Airport weather les have been selected as the most suitable weather location to use.
Liverpool Airport weather les could have been selected, but as these are coastal weather
les, a decision was made for a more appropriate weather le. Manchester Airport is a
non-coastal location which aligns more closely to the case study location, it represents
the north-west England lowland urban-fringe climate. Manchester Airport is one of the
closest data points to the case study. Suitability to the actual site is a crucial factor here. For
comparison, two ASHRAE climate categories have also been selected. The 2020 ASHRAE
4A Mixed Humid [ 89] and 2020 ASHRAE 5A Cool Humid [ 89] les were selected to use
as a comparator for this research and to highlight the differences between weather les.
Selection of les is a crucial step, and accepted weather les deemed suitable for the site
from both ASHRAE and CIBSE are considered. Registered practitioners with ASHRAE or
CIBSE may use either set of les within their research; therefore, providing insight into
the difference is an important early step in this research to establish the modeling output
variation resulting from using the different les.

Weather details from the les used include the need to ensure that any design using
the le is appreciated by the dominance of winter in the data. This dominance will lead to
a need to minimize the amount of energy used for heating, because of its domination. It
should also be noted that summer now has warmer nights with July being the warmest
month [90], a trend that is seeing records broken for highest temperatures. The chart
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Temperature (°C)
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below (Figure 4) is taken from the UK Met Of ce weather les and shows the temperature
variations between 1991 and 2021, highlighting the differences between summer and winter
temperatures within the data provided by the UK Met Of ce.

Temperature Range at Manchester
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Figure 4. Adapted from the Met Of ce temperature range chart from 1997 to 2021 [ 91].

The chart shows the variations experienced at the weather station in recording temper-
atures during that period. For this research, future weather les are the focus. We draw on
this dataset as a baseline to assess differences in future climate les. Figure5 below is taken
from the IES and provides a visual illustration of the weather le at Manchester Airport in
the context of average temperatures. It shows clearly that there is an expected temperature
increase in the 2070s for this weather le location.

N
w
o~
w
(=2}

J

Days

Average temperature in the 1990s [Jl] Average temperature in the 2070s

Figure 5. IES weather data for Manchester Airport showing the average hourly statistic of dry bulb
temperatures in  C.

Future weather les have been used to establish current demand and future demand
pro les for the unit. For this study, a 2020 completed unit for social housing based in the
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UK has been modeled using the IES iCD software package [92]. This is a simulation study
to identify the impact of climate change on the social housing unit used as the case study.

Finally, a multi-criteria decision-making framework is deployed to establish the im-
portance of the elements used within the modeling. The process includes the use of criteria
to assign importance factors to the options and provides a clear output to support the
identi cation of the most suitable percentile of the weather les. This uses the empirical
data provided and expert judgment to arrive at a decision.

This study offers both support for existing research methodology and an opportunity
for policy consideration for the selection of weather les as an opportunity for considering
climate resilience in newbuild social housing in the UK, but also beyond. Whilst this study
is focused on one typical newbuild example the implication for climate resilience has the
potential for policy and regulation uplifts that could be critical considerations.

3. Results

Within this chapter of results, the ndings from the modeling conducted in the IES
iCD virtual environment are presented. The use of a building performance model to make
assessments on the overall energy demand of a case study unit is well-documented to be
a useful endeavor. This example gives insights into the demand based upon a changing
weather le and the heating system. The research will also consider changes to the energy
services within the case study unit, considering the replacement of the gas boiler with an
ASHP. This changes the primary energy source from gas to electricity, a key decarbonization
action currently prioritized in the UK [ 93]. Highlighting the implications for the nation
grid in the UK as well as the residents in their homes.

3.1. Weather Files

The selection of weather les is an important consideration. There are signi cant
uncertainties with the use of global climate models (GCNs). This provides a challenge to
those wanting to utilize these les in research. This is accepted within this research. For
each result provided, the le used is listed to allow for reproducibility.

Variations in the percentage of monthly energy demand throughout the year are shown
in Figure 6. The 2020 ASHRAE weather les produce the highest proportion of predicted
consumption in January, February, and March. The baseline output does not include TRY
future climate projections and is therefore shown as the present-day baseline. The other
weather les correspond to 2030 TRY climate les across varying probability percentiles, as
de ned in Table 3. Figure 6 illustrates clear variation in the demand pro le across the year,
expressed as a percentage of total annual energy use. Here this is represented by a % of the
total energy used in the year. The Manchester Airport 2030 90th percentile le shows the
greatest increase in summer month demand (July and August), while both ASHRAE les
indicate higher winter heating requirements and comparatively lower summer demand.
Using the Manchester 2030 90th percentile weather le results in a 16.02% reduction in
total annual energy demand for the case study home. The high-risk scenarios are selected
to allow an evaluation of extreme and worst-case scenarios for the case study home. It
is important to consider when there is uncertainty in the GCNs. What we see here is a
transitional energy pro le [ 94] for the 2030 weather les, less heating, and a modest increase
in cooling leading to a net annual reduction in consumption, providing insight into the
impact on the home and residents as social housing contains some of the most vulnerable
members of society.
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Figure 6. Percentage of total monthly energy demand with different weather les. Using weather
data from [ 89,95).

Table 4 is provided to provide clear clari cation of the weather les and their de nition
for use within this research. The Design Summer Year (DSY) weather le type has been
utilized here to provide an insight on what this might illustrate for this case study. It is
most often used as a compliance methodology for CIBSE TM59 overheating assessments.
However, itis utilized here in an unconventional way to highlight the impact of overheating
for this dwelling, supporting a holistic view of the impacts of a changing climate on the
performance and use of energy in this case study. Using future weather les provide a
focus of what could occur [ 96] and for modeling it is useful to compare what different types
of les reveal through their use in modeling (Table 5); this is the case when using DSY les
in an unconventional way, framing the discussion for a focus on the possibility of extremes.

Table 4. Understanding the weather datasets—adapted from publicly available data published from
CIBSE P7]. * Indicates the le, scenarios and percentile occurrence.

Emission Scenario Probability Percentiles

File Type Time Period Low Medium High 10th 50th 90th

2030s (2019-2039)
TRY 2050s (2039-2059) *
2080s (2069-2089) * *

2030s (2019-2039)
DSYs (1-3) 2050s (2039-2059) *
2080s (2069—2089) * *

L T I R
*

L T . .
*
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Table 5. Understanding weather datasets, with explanations of each le name. Adapted from [ 98].

Name of Weather File and Explanation
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Considering the use of different weather les is essential in understanding the po-
tential future energy use. DSY is a weather le type generally used for overheating
assessments §9); here it is used differently to understand heating demand.

Design Summer Year (DSY) is used for an extreme summer assessment]0(, meaning

when it is signi cantly warm. Figure

7 shows us the outputs from the model for heating

energy demand using different weather les. Whilst the energy used for heating (H) and
cooling (C) is indicated no energy is used in the summer months for heating, which is what
we would expect. An overall reduction in energy demand is noted. For heating this is a
reduction and for cooling between 2050 (50th percentile) and 2080 (90th percentile) there is
an increase of 161.5% in noted energy demand for cooling.

01 April
2025

01 June
2025

01 January 01 February 01 March
2025 2025 2025

01 May
2025

01 July
2025

Baseline Data 2025 ASHP plus AC B 2050 50 Percentile DSY H
M 2050 90 Percentile DSY H 22050 90 Percentile DSY C

= 2080 50 Percentile DSY C 2080 90 Percentile DSY H

01 October 01 01

01 August 01
2025 September
2025

2025 November December

2025 2025
£ 2050 50 Percentile DSY C
82080 50 Percentile DSY H
%2080 90 Percentile DSY C

Figure 7. Use of DSY weather les to understand heating demand.
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The building envelope has been set by the designs that were approved through the
planning process, then built and installed on site. However, since the construction of this
case study, the requirements of what should be built have changed. Figure 8 below shows
us what the building performance would be if it had been built to Part 2021 standards or
the Low Energy Transformation Initiative (LETI) design guide [ 101]. Both would change
the requirements regarding the performance of the materials used. Total energy demand
data, which includes DHW as well, is used.

==g==Baseline Data — Manchester Airport 2020 ==#==Part L Update 2021 Baseline Data ==@==LET| Data 2020

2500
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N Q <@ &
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Figure 8. Building envelope comparison including LETI design philosophy.

Although this is not the primary focus of the analysis, it nonetheless highlights a
signi cant consideration: adopting higher performing building materials yields measurable
improvements in energy performance. Speci cally, upgrading the fabric to meet the current
Part L standard results in an annual energy demand reduction of 11.22%, while compliance
with the LETI speci cation, achieves a reduction of 14.10%.

3.1.1. Carbon

Although the primary focus of this analysis is energy demand, the associated carbon
emissions must also be considered, particularly given the UK's legally binding carbon
budgets for reducing emissions from the building sector [ 107. The results presented in
Figure 9illustrate the carbon implications of different weather le selections. Notably, the
Manchester Airport 2030 90th percentile TRY le produces a 19.10% reduction in annual
carbon emissions compared with the present-day baseline. This demonstrates that weather
le choice not only in uences energy demand modeling but also has a substantial effect on
the assessment of operational carbon, with direct relevance for decarbonization planning
and compliance.
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Figure 9. Tons of carbon.

The challenge for homes is to also consider how to decarbonize.

When considering the data provided and the analysis that is utilized, an essential
observation to make is that of the signi cance of what is being displayed. The Coef cient
of Variation (CV) (Figure 10) is used here to help the reader understand how much the data
varies in relation to its average. In other words, it shows how spread out or consistent the
results are, making it easier to interpret the differences between the weather le outputs.

Coefficient of Variation (CV)

Baseline Data — Manchester Airport 2025 0.485
Manchester Airport 2030 10 Percentile TRY 0.511
Manchester Airport 2030 50 Percentile TRY 0.533

Manchester Airport 2030 66 Percentile TRY

Manchester Airport 2030 90 Percentile TRY

2020 ASHRAE 4A Mixed Humid 0.677
2020 ASHRAE 5A Cool Humid 0.739

Figure 10. Coef cient of Variation (CV) for carbon.
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Formula:
CVv=— @)

Figure 10 shows us the standard deviation in relation to the meaning of the data. The
lower level of coef cient is seen as more favorable, in this example. The higher value given
for the 2020 ASHRAE 5A Cool Humid is indicating that this is less favorable than the
other results.

3.1.2. Air-Source Heat Pump (ASHP)

The replacement of the heating system for an ASHP has also been explored to provide
insight into how this will impact the demand within the home. It should be noted that
within the UK, this is just used for heating and not cooling. This identi es a future modeling
option to consider reversible heat pumps in this analysis to see the impact that has upon
the demand for the case study home. From the data and the input from the model, we can
see the change from a gas boiler to an ASHP in the model.

The differences in Figure 11 which includes the comparison with a change to the home
to include an ASHP and air conditioning can be noted. For example, using the 2050 50th
percentile weather les, the heating demand is 35.44% of the baseline and 138.7% of the
cooling. Changes are noted due to the use of different weather les in modeling. By using
the variations in the available weather les, it has been possible to review the impact that
the selection of weather les has had.

i
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#2050 50 Percentile TRY Heating

Figure 11. Baseline vs. ASHP with air conditioning.

The last of the gures shared in the Results Section are shown in Figure 12. Here is
shown the impact of a case study built to Passivhaus design levels, with an ASHP with
an occupancy of 9 am to 5 pm. Passivhaus principles prioritize passive strategies such as
superinsulation, airtightness and mechanical ventilation with heat recovery (MVHR) to
maintain thermal comfort, thereby reducing or eliminating the need for conventional air-
conditioning. The building envelope has been updated to match Passivhaus requirements,
and u-values have been updated as well as the air permeability (m 3/(h m?) at 50 Pa results.
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Whilst not currently installed in most of the social housing in the UK, the changing climate
is likely to warrant the inclusion of mechanical ventilation in newbuild properties to pass
Part O compliance. Passive measures such as those employed by the Passivhaus design
regime should be prioritized to reduce the reliance on energy-using cooling devices within
the homes, especially for vulnerable and fuel-poor residents of social housing. Within the
modeling setup used in this study, the case study (designed under Passivhaus for this
example) is therefore evaluated solely on its heating demand under future climate scenarios,
allowing the analysis to isolate the performance of the enhanced building fabric and heating
system without the in uence of mechanical cooling. For the 2080 50th percentile, we see
that the heating demand is 28.75% of the baseline, representing a signi cant reduction from
the baseline with current weather les.

kwh

11 Baseline Data 2020 " 2050 50 Percentile TRY Heating

—t 2050 90 Percentile TRY Heating # 2080 50 Percentile TRY Heating

=: 2080 90 Percentile TRY Heating

Figure 12. Heating demand built to Passivhaus fabric speci cation with an ASHP.

This section has shown some of the key outputs from the building performance
modeling of the case study. The next section will discuss the implications for these results
in more detail.

3.1.3. iCD Thermal Stress

Within the iCD, there are options to consider other building considerations. This
includes building stress. The following gures (Figures 13 and 14) are the output from
this scenario within the iCD software. What it is showing is the thermal stress for the case
study building on a sliding scale, showing the heatwave from 2022 displayed at a Universal
Thermal Climate Index (UTCI) banding.
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® KEsico

OUTDOOR THERMAL COMFORT

Run calculation on selected objects only?

Launch calculations

Hide legend
UTCI range (°C) Stress category

above +46 Extreme heat stress

+38 to +46 Very strong heat stress
+32to +38

+26 to +32
+9 to +26

+9to 0 Slight cold stress

0to-13 Moderate cold stress.
-13to0-27

-27 to -40 Very strong cold stress

below-40 Extreme cold stress

Figure 13. IES iCD outdoor thermal comfort experimental output—warm weather (authors' adapta-
tion from iCD software).

9 IEsico

OUTDOOR THERMAL COMFORT

Run calculation on selected objects only?

Launch calculations

Hide legend
UTCl range (°C) Stress category

above +46 Extreme heat stress

+38 to +46 Very strong heat stress
+32to +38

+26 to +32

+9 to +26

+9to 0 Slight cold stress
0to-13 Moderate cold stress.
-13to-27

-27 to-40 Very strong cold stress

below -40 Extreme cold stress

Figure 14. IES iCD outdoor thermal comfort experimental output—2080 20th July weather (authors'
adaptation from iCD software).

When considering thermal comfort, or thermal stress, it is important to consider
what the metric might be. UTCI is a well-accepted way of expressing this. It is de ned
as the equivalent air temperature ( C) of a reference environment that causes the same
physiological response (sweating, shivering, skin blood ow) as the actual environment.
Here the example provided is the heatwave from 18 July 2022 [90]. The UTCI range is

shown on the right of the gures compared with a projected slight cold stress in 2045,
shown below.
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The results demonstrate that weather le choice has a major impact on the modeled
energy demand of the case study social home. This will be discussed further in the
next section.

3.1.4. Multi-Criteria Decision-Making

In this study the MCDM has been utilized to enable the ranking of the percentiles to
be ranked by utilizing various factors [ 103. This has enabled a structured approach to
consider which of the percentiles should be utilized in research as a predominate factor in
achieving a range of bene ts under the banner of climate resilience homes.

The MCDM is applied within this research to support the problem space around
weather le selection for future buildings. Figure 15below shows the interplay of the con-
siderations used to explore the challenge of energy demand change in a changing climate.

Figure 15. Context diagram for MCDM.

The rst stage is to establish the options for consideration. For this study it is the base-
line, 50% percentile, 66% percentile and 90% percentiles which are all optional percentiles
within the choice of weather les available from the CIBSE dataset [ 95]. Table 5 provides
the options used.

The next stage included the establishment of the levels and the appropriate assignment
of each level in each category, with the understanding that there is a dominance to the levels.
Under the building envelope are the sub-levels of LETI and Passivhaus. Year includes the
selections of 2030, 2050 and 2080, utilizing the key components of interest.

The next stage allows each of the levels identi ed in Table 6 to be given a priority
score, which then informs the results of the analysis. Energy demand is given the highest
score, followed by the building envelope and then Year and Other Data are given equal
scores within this designed analysis. This is shown within Table 7.

Table 6. Options for MCDM.

Options
A Baseline
B 50% Percentile
C 66% Percentile
D 90% Percentile
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Table 7. Levels utilized.

Level

1

Building Envelope

LETI

Passivhaus

Year

2030

2050

2080

Other Data

Carbon

Ccv

Energy Demand

Heating

NN PN DNRPEPINDNNPEPINDN

Cooling

Within each level the criteria are assigned a value. Energy demand is the focus of
this research and is given 0.5. The weighting for the criteria follows the “parent and child'
objectives for the purpose of this assessment. These are fundamental considerations within
the hierarchy when considering the changing climate. Likewise, carbon is given 0.75 and
heating is given 0.6 as key sensitivities for this research. The nal scores in Table 8 highlight
the percentile of weather les with the relative importance when considering selection of

weather les for energy modeling using IES iCD.

Table 8. Weighting for the criteria.

Criteria Level 1 Level 2
Building Envelope 0.25
LETI 0.5
Passivhaus 0.5
Year 0.125
2030 0.25
2050 0.25
2080 0.5
Other Data 0.125
Carbon 0.75
Ccv 0.25
Energy Demand 0.5
Heating 0.6
Cooling 0.4

The total score (Table9) is highest for the 90th percentile including consideration of

the carbon, building envelope and year of the weather le.
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Table 9. Final aggregated scores for the weather percentiles.
Criteria Option A Option B Option C Option D
Building Envelope 5.00 12.50 18.75 25.00
Year 3.75 4.38 6.25 9.84
Other Data 1.56 6.88 7.19 8.75
Energy Demand 10.00 25.00 33.00 45.00
Total Score 20.31 48.75 65.19 88.59

Figure 15illustrates the performance of the four percentiles across all the four criteria.
It shows the contribution of each of the criteria. The lower percentiles ranked lower due to
the trade-off of carbon and in uence on heating and cooling. The lower scores for 2030 and
2050 re ect that to ensure climate resilience is prioritized the highest percentile and the
high-risk scenario should be considered to help support and in uence the design of new
homes to consider the signi cance of high-risk pathways due to a changing climate.

Figure 16is a stacked chart which provides a useful visualization of the overall bene t
of the options and the weighted bene t of each. Cost has been deliberately excluded from
this assessment, as it was not part of the original research design.

Figure 16. Strategy scores across criteria and total performance.

4. Discussion

The ndings of this research clearly indicate that the selection of weather les is
important to the energy demand that is produced in the building performance model.
Selecting appropriate les requires careful consideration of the local weather and climatic
conditions as different datasets can in uence outcomes in dynamic modeling tools such as
IES iCD. The use of the varying weather les has indicated that the selection of the right
weather les can have a signi cant impact on the modeling within a dynamic building
performance model such as IES iCD. The research here has found a variation in energy
demand both in terms of heating but also cooling because of the selected weather les.

The implications extend beyond the residents of the individual homes. The increase in
consumption over the year will have an impact on the capacity of the grid to supply all the
homes and businesses. Comparisons using weather les from Manchester, Chicago and
Melbourne revealed differences in the predicted heating consumption, underscoring how
climate alone can markedly shape the model outputs.
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During the summer months, any increase in demand may be partially offset by addi-
tional seasonal renewable generation feeding into the grid. Within the Manchester Airport
TRY dataset, different percentiles produce notable different monthly energy demand pro-

les. The 90th percentile TRY le shows the largest increase, whilst also showing an overall
reduction of 16% in annual consumption. The extreme high-risk TRY le indicates what is
deemed possible to occur if this occurs for the case study home. Whilst modeling shows
variations in consumption, it is wise to consider that how people use the home will vary
from what the model has shown. As such, caution is warranted when this is considered by
housing designers. The interpretation of results presented here is in the context of current
social housing design and construction practices as provided by the case study example.
Differences can have an implication for compliance. Homes need to be compliant within
the UK with Part L of the Building Regulations. Non-compliance and an inability to obtain
sign off from building control is a problem and challenge area for house builders and
developers. Notable ndings include substantial increases in cooling demand projected for
2050 and 2080. For example, under a morning and afternoon/evening occupancy pro le
with air-conditioning and a heat pump, cooling demand will rise in 2050 by 138.69%.

Multi-criteria decision-making (MCDM) analysis is a useful and powerful tool that
can help to support and facilitate the decision-making process in the evaluation of choices
for supporting climate-resilient homes. The results have strongly indicated that to secure
maximum bene t the high-risk 90th percentile should be considered for use in modeling
to highlight the need to address a range of factors including demand and carbon. This
supported the modeling data that indicates the signi cance of the use of the weather les
and highlights the extreme and out-of-normal-range temperatures that necessitate the use
of a mechanical regime for the modeled home. There are also limitations with utilizing the
MCDM framework including the subjectivity of the scoring assigned and the number of
categories included. Cost was not a consideration for this study but should be included
for future-proo ng the long-term decision-making regarding the selection of percentile
weather les in energy modeling. Within the output the most extreme choice of weather

le is indicated as the criteria of most in uence. Considering the extremes of weather
experienced by residents in housing is a challenge yet to be fully unpacked.

Implications for energy ef ciency and long-term climate resilience are noted in this
research, highlighted by a reduction in the heating demand for the case study, which is
supported by evidence from other researchers in this sector [ 104,105. The reduction in
the demand for heating will be welcomed by a wide range of people, from fuel poverty
campaigners to politicians. Heating demand is set to decrease signi cantly toward 2050 and
2080. Cooling demand is set to increase sharply, with a 161.5% increase between the
2050 (50th percentile) and 2080 (90th percentile) cases. When modeled to Passivhaus
fabric standards with ASHP, it is noted that heating demand falls dramatically to 28.75%
of the baseline under the 2080 50th percentile le. It does, on the opposing view, raise
concerns about the need and demand for cooling in homes, forcing the discussion about
the importance of passive measures to reduce consumption and protect the residents from
the overheating risk associated with a changing climate.

Understanding how buildings will need climate resilience in the future will become an
increasingly pressing issue. As reporting on average temperatures sees more records broken,
the need to understand this in the context for homes in the UK will be elevated. Demand for
a better understanding of what the implications are will need to be further understood. New
homes can be part of the solution for both the housing crisis and adaptations and mitigation
for climate change but balancing the cost of changes will require clear understanding, with
data and evidence to support what is needed. The selection of weather les is one of the
interdependencies discussed within this paper, along with the changes to the building fabric
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of the case study via wholescale uplifts under distinctive design philosophy (Figure 10)
including insulation levels. What has not been modeled is window-to-wall rations or
variations in occupant groups, as, at the time of construction, the tenant details were not
known and were not a research aim of this paper. What is unclear is how to determine
which is the most suitable to select.

Recommendations for integrating environmental, social, and economic factors into
housing design are needed. Variations in weather les used in the research have shown
that the future is not clear-cut and that the experience of the end-user is likely to be varied
because of the impacts of climate change. The UTCI modeling reveals: current and near-
future weather can produce signi cant warm or cold stress and by 2080, the case study
home experiences “Strong Heat Stress” during summer conditions.

Whilst this study has provided insights and has added to the knowledge of probable
future housing energy demand, there are limitations. Limitations of this research include
the focus on one dwelling type and location. This inevitably restricts the extent to which the
ndings can be scaled up to the country or national level. Nevertheless, the insights remain
valuable, as they directly inform the selection of appropriate weather les for developing
construction plans for new UK social housing projects.

The selection of the les will continue to be discussed and, as we have seen with the
results of this study, does not provide a clear-cut answer to the question. It has provided
insights that will be useful to decision makers in newbuild housing.

5. Conclusions

This research supports adding to the knowledge base in the climate resilience of
archetype domestic buildings, speci cally small-scale, off-site manufactured social hous-
ing. This study provides insights into the performance and climate resilience of recently
designed and constructed buildings (2020). Upgrading the building envelope to Part L[ 17]
standards results in a reduction in total energy demand of 11.2% and the LETI guidelines
give an even greater reduction of 14.1%. It shows us that the combination of improved
fabric and a switch to electricity will lead to improvements in the performance of the case
study but if cooling is deployed through mechanical measures with an air conditioning unit,
we will see signi cant an increase in the consumption for the home in the summer months.

Given the anticipated impacts of climate change, we consider numerous factors,
including the selection of CIBSE weather les. IES iCD, as a dynamic modeling tool,
reveals that demand pro les for the case study units will shift from their current state,
affecting both the power grid and residents. A signi cant nding is the increased cooling
demand [106 and the need to reduce temperatures, emphasizing the importance of passive
measures over mechanical ventilation.

This research challenges current approaches to the design and construction of social
housing concerning future climate resilience because of the results provided here. To
meet future UK carbon budgets, energy demand must be reduced [ 82], yet our case study
indicates a rise in arti cial cooling during warmer months. The construction industry
and the building sector recognize that there is a pipeline of units to be built, but what
this looks like in 20 years is still unknown. This research points out a need to use the
right weather les in the development of future homes for particularly through the lens of
the resident as the end-user. Signi cant changes in demand are noted for the case study
when air conditioning is deployed and the fabric is improved. This has an implication for
future housing design and performance in a changing climate. What this research has not
explored is the cost of this for either those involved in the construction or for those who
will live on the property. A reduction in heating consumption in winter will be received
as a positive for those who face nancial hardship or fuel poverty in winter. However,
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the addition of a cooling source and therefore energy consumption in the summer will
not be a welcome occurrence, even if it provides relief from the changing climate and
increased summer temperatures. Consideration of the scal impact on residents is always
going to be a consideration for anyone involved in social housing. Whilst nance and
carbon are also important considerations, they have not been the focus for this research.
It also raises a query on how this research should be carried out by the building sector.
It provides supportive data on understanding the high-risk scenarios and impacts on
homes in particular, highlighted by the unique case study used here, which serves as an
indicator for future thermal comfort challenges within homes for similar homes and similar
climates. What is missing is a wider range of scope of the building architype to provide a
broader range of results for a deeper analysis and therefore understanding, like some of
the examples provided in Table 1, where a sole unit was explored with published research.

In conclusion, living within planetary limits is challenging, but it requires collaboration
that integrates environmental, social, and economic considerations into decision-making
processes. As shown, with limitations, the implications of climate change for the residential
energy system are far reaching, placing increasing pressure on the power grid and necessi-
tating shifts in how homes are designed, operated, and regulated. These emerging stresses
challenge the viability of a "business-as-usual' approach to housing provision and highlight
the need for adaptive, forward-looking design and policy interventions to prevent future
harm to residents of social housing in the UK and beyond.
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Abbreviations

The following abbreviations are used in this manuscript:

ASHP Air-source heat pump
American Society of Heating, Refrigerating and

ASHRAE . o .
Air-Conditioning Engineer
BPO Building Performance Optimization
BPS Building Performance Simulation
CIBSE Chartered Institute of Building Service Engineers
DHW Domestic hot water
DSY Design Summer Year, used for Overheating assessments
Energy Ef ciency Use of energy in an ef cient manner, limiting wastage
Energy Suf ciency Ensuring equitable access to essential energy services (he-

-ating, mobility) without exceeding environmental limits
EPC Energy Performance Certi cate

When a substantial proportion of income
Fuel Poverty
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is spent on fuel for the home
GCM Global Climate Models

GHG Greenhouse Gases

HVAC Heating, Ventilation and Air Conditioning
IWEC International Weather for Energy Calculations
LETI Low Energy Transformation Initiative

MCDM multi-criteria decision-making

MMC Modern Methods of Construction

NHS National Health Service

osC Off-site construction

The state at which an individual

perceives a comfortable level of heat
Reference Year—building-regulation energy
and carbon assessments

represent the average trend of long-term
local weather data

UKGBC United Kingdom Green Building Council
UTCI Universal Climate Index

Thermal Comfort

TRY Test

TWY Typical Weather Years
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